The Muon Space Generalized GNSS-R Retrieval Pipeline and Muon
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e Muon is forming an academic partnership program and is actively seeking collaborations with academic, government,
and non-governmental organizations that wish to trial data or discuss opportunities for missions and hosted payloads

e Collaboration can take many forms, including:

Mission concepts (other signals of opportunity, e.g., P-band)
Payload development

Retrieval algorithms
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will be needed to monitor climate change using satellite observations.
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